ru
O
or
w
O
dl

B 9 0 &

bl
L
0
)3
bl
O

# 5 MMSE #1 WEDM g E & & it B iE F i858 77 R

% 7 RF4
(b F T kFdFEETREFR g 100144)

& E:FELES SNR AL SNR &0 T R4 500 1915 7 B i 48 8 7 —#il & MMSE Al WEDM 1§ B2 354 31 019 18 5 34 0
Tk, IR Sigmoid BRSGT eRHORE G 3 SNR BGTBIL0, 1] 2 ), SRS M4 b e S ok 500, 32 1 — b B 3 1 1 3 B 3 A
PRBOT T IL . AE R SNR S AF T L 3k S il J0r 382 05 1 SR TS K 0y e S5 ok M » AT (s MIMISE 33541 1118 25 o H8CH 1% Wk &2 344
f2 B, 2 AEAR SNR S AF T A 200 i 2 Wi & v (g IR 75 L T 4 7 12 {8 R0 /N 10 e S35 o B0, TG 26 %2 WEDM 3% £ 31
B35 R BN T KR Y 45 R AL, LIRSS R R W], BT ARSI M R 7E R UM e K U T AL TS AL

KW B EWE ; MMSE; WEDM
mESES: TP391 TNI11 CHERARIAED : A ERREZRSERG: 510

Coupled MMSE and WEDM spectral amplitude estimations
for speech enhancement

Zhao Yuhong
(College of Electronic and Information Engineering, North China University of Technology, Beijing 100144, China)

Han Yong

Abstract: In order to achieve better speech quality both in high SNR (signal-to-noise ratio) and low SNR conditions, this
paper proposes a coupled MMSE (minimum mean square error) and WEDM (weighted euclidean distortion measure)
spectral amplitude estimations method for speech enhancement. This method employs sigmoid mapping function to map a
posteriori SNR into [0, 1] range. Thus, according to this mapping function, we develop an adaptive gain function calcu-
lation method for spectral restoration. In higher SNR conditions, to prevent speech distortions, the proposed method a-
dopts a larger value of mapping function and makes MMSE spectrum estimation gain function be the gain function for
spectral restoration. On the other hand, in lower SNR conditions, to more effectively remove noise from noisy speech,
the proposed method uses a smaller value of mapping function and selects the gain function of WEDM spectrum estima-
tion to be the gain function for spectral restoration. Our experiments demonstrate that the proposed method is superior to
the reference methods.
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